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Research progress on artificial intelligence in screening and precise

diagnosis and treatment of cervical cancer
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[ Abstract] Cervical cancer ranks fourth in both the incidence and mortality of malignant tumors among women , and has been increas-
ing in young people. The prevention and treatment of cervical cancer differs greatly due to the uneven distribution of medical resources
in different regions. Therefore, it is necessary to explore new diagnosis and treatment methods suitable for regions with different re-
sources to promote the prevention and treatment of cervical cancer. Artificial intelligence (Al) is a science of developing computer pro-
grams to simulate, extend, and expand the behavior of Homo sapiens. In recent years, with excellence in image analysis, Al has shown
great potential in the precise screening, diagnosis, and treatment of cancer. However, Al still faces great problems and challenges in the
clinical diagnosis of cervical cancer, which cannot completely replace doctors. This paper summarizes the research progress on Al in
the early screening and precise diagnosis and treatment of cervical cancer, in order to provide a reference for personalized diagnosis
and treatment and improve the clinical outcome of the patients.
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